
 
 
General rights 
Copyright and moral rights for the publications made accessible in the public portal are retained by the authors and/or other copyright 
owners and it is a condition of accessing publications that users recognise and abide by the legal requirements associated with these rights. 
 

 Users may download and print one copy of any publication from the public portal for the purpose of private study or research. 

 You may not further distribute the material or use it for any profit-making activity or commercial gain 

 You may freely distribute the URL identifying the publication in the public portal 
 
If you believe that this document breaches copyright please contact us providing details, and we will remove access to the work immediately 
and investigate your claim. 
  
 

   

 

 

Downloaded from orbit.dtu.dk on: May 23, 2023

Metagenomics analysis of bacteriophages and antimicrobial resistance from global
urban sewage

Strange, Josephine E. S.; Leekitcharoenphon, Pimlapas; Møller, Frederik Duus; Aarestrup, Frank Møller

Published in:
Scientific Reports

Link to article, DOI:
10.1038/s41598-021-80990-6

Publication date:
2021

Document Version
Publisher's PDF, also known as Version of record

Link back to DTU Orbit

Citation (APA):
Strange, J. E. S., Leekitcharoenphon, P., Møller, F. D., & Aarestrup, F. M. (2021). Metagenomics analysis of
bacteriophages and antimicrobial resistance from global urban sewage. Scientific Reports, 11(1), [1600].
https://doi.org/10.1038/s41598-021-80990-6

https://doi.org/10.1038/s41598-021-80990-6
https://orbit.dtu.dk/en/publications/8ce4223b-7d4d-4b6e-8272-9c803441eb83
https://doi.org/10.1038/s41598-021-80990-6


1

Vol.:(0123456789)

Scientific Reports |         (2021) 11:1600  | https://doi.org/10.1038/s41598-021-80990-6

www.nature.com/scientificreports

Metagenomics analysis 
of bacteriophages 
and antimicrobial resistance 
from global urban sewage
Josephine E. S. Strange, Pimlapas Leekitcharoenphon*, Frederik Duus Møller & 
Frank M. Aarestrup

Bacteriophages, or phages, are ubiquitous bacterial and archaeal viruses with an estimated total 
global population of  1031. It is well-known that wherever there are bacteria, their phage counterparts 
will be found, aiding in shaping the bacterial population. The present study used metagenomic data 
from global influent sewage in 79 cities in 60 countries to identify phages associated with bacteria and 
to explore their potential role in antimicrobial resistance gene (ARG) dissemination. The reads were 
mapped to known databases for bacteriophages and their abundances determined and correlated 
to geographic origin and the countries socio-economic status, as well as the abundances of bacterial 
species and ARG. We found that some phages were not equally distributed on a global scale, but their 
distribution was rather dictated by region and the socioeconomic status of the specific countries. 
This study provides a preliminary insight into the global and regional distribution of phages and their 
potential impact on the transmission of ARGs between bacteria. Moreover, the findings may indicate 
that phages in sewage could have adopted a lytic lifestyle, meaning that most may not be associated 
with bacteria and instead may be widely distributed as free-living phages, which are known to persist 
longer in the environment than their hosts. In addition, a significant correlation between phages 
and ARGs was obtained, indicating that phages may play a role in ARG dissemination. However, 
further analyses are needed to establish the true relationship between phages and ARGs due to a low 
abundance of the phages identified.

Bacteriophages are ubiquitous bacterial and archaeal viruses, with an estimated total global population of more 
than  1031, surpassing that of bacteria  (1029) making them the most abundant biological entities in the biosphere. 
Their genomes, ranging from 2.4 to 735 kb1,2, consist of either DNA or RNA which can be single-stranded (ss) 
or double-stranded (ds).

Phages can engage in horizontal gene transfer through either specialised or generalised  transduction3. In gen-
eral, transduction of antimicrobial resistance genes (ARGs) in clinical settings occurs at extremely low frequencies 
of approximately  10–9 and  10–7 transductants/pfu for specialised and generalised transduction,  respectively4. The 
role of transduction for gene transfer within a clinical setting is well-established, and there is growing evidence 
that phages, through transduction, aid in the dissemination of ARGs in the  environment5–8. However, this is still 
controversial as contrasting research also indicates that the number of phage-encoded ARGs is  overestimated9.

The emerging antimicrobial resistance is one of the biggest health threats globally. A report from  201610 
estimated that the total number of global deaths from infectious disease caused by antimicrobial resistance was 
700,000 and predicted to have risen to 10 million by 2050. Furthermore, antimicrobial resistance is expected 
to have a huge economic impact, with an estimated inaction cost of US$100 trillion between 2016 and 2050. 
Therefore, one of the key recommendations for the prevention of deaths attributed to antimicrobial resistant 
infectious disease and the resulting economic burden is an increased monitoring of ARGs in the environment.

Metagenomic shotgun analyses have become a popular means of achieving ARGs surveillance, and sewage 
has proven an enriched, anthropogenic, and ethical source of information, especially in monitoring pathogens 
and the spread of  ARGs11–13. As many residual antimicrobials are detectable in urban sewage due to either inap-
propriate disposal or incomplete metabolism such as fluoroquinolones, which are excreted unchanged through 
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urine and can eventually enter environment through waste  water14. A selective pressure is exerted upon bacteria 
living under these sewage conditions, which in turn have the potential to activate latent prophages. Furthermore, 
free-living phages have been shown to persist in the environment for longer than their  hosts15,16, which could 
potentially lead to the further spread of ARGs among bacteria.

A study published in 2019 by Hendriksen et al.11 found a systematic regional difference in the bacterial popu-
lation and ARGs in global urban sewage. The study included 79 metagenomic samples from 60 different countries 
collected during 2016 and investigated the global distribution of ARGs. However, the study did not investigate 
the association between ARG distribution and phages. Therefore, the present study aimed to characterise the 
phages associated with bacteria in the metagenomics data in order to determine whether there was a correspond-
ing regional segregation. For this purpose, some of the largest viral databases were explored. Furthermore, the 
occurrence and diversity of phages across the globe were examined to evaluate whether socioeconomic status 
influenced the distribution. Finally, a potential correlation between the observed phages and bacteria in addi-
tion to ARGs was assessed.

Results
Most virus sequences obtained from the NCBI database were of bacteriophages; of 719 total accession numbers, 
638 were bacteriophages while 81 were other viruses. Of these 81 other viruses, 7 were bacteriophages but were 
not properly annotated in NCBI and thus not captured. For the IMG/VR database, a total of 54,893 sequences 
were bacteriophages of which 3699 were more than 90% completed, high-quality draft genome or entirely com-
pleted genomes (the latter collectively referred to as “IMG/VR genomes”); 24,348 sequences were other viruses. 
A total of 114 bacteriophages from the huge phage database were obtained.

Mapping results showed that the mean coverage and depth of phages within the various databases were 
generally low (Table S1 and Fig S1 to Fig S3) with mean coverage and depth ranging between 1.21–2.5% and 
0.03–0.18%, respectively, across databases. Due to the extremely low abundance of most phages (Fig S4), no 
phages were excluded based on the coverage and depth analysis.

Mapping summary. After mapping to bacteria and virus/phage databases, the vast majority of raw reads 
were mapped to the NCBI database of bacteria, followed by the IMG/VR database (Fig S5). Of the viral frac-
tion, a larger proportion of reads were mapped to the huge phages database (Fig. 1A), followed by the IMG/VR 
database. Only very few reads were mapped to the NCBI virus database and mapping to the KVIT database was 
negligible. The latter was as expected, as the KVIT database includes only families of viruses infecting eukaryotic 
cells in addition to an unclassified branch.

The relative abundance profiles (Fig. 1B) for the various databases corresponded to those of fragment count 
summary, albeit the relative abundance of phages within the NCBI database was greater. The accumulated rela-
tive abundance of the IMG/VR database (incl. fragments) was in most cases comparable to that of the huge 
phages database.

Regional distribution of phages. The number of samples contributing to each region is provided in 
Table S2. Most samples belonged to the European region, followed by the North American and African regions. 
From the NCBI database, phages constructed from African and Asia regions showed the highest matches to 
the NCBI database (approximately 70%). In contrast, with regards to the larger database of IMG/VR, Europe 
appeared to have the most phages identified with respect to both all phage-derived content (58.6%) and phage 
genomes (74.8%). Lastly, the number of phages identified from the huge phages database was similar in distribu-
tion to the NCBI database.

The regional distribution of all phages showed a clear regional separation; the same pattern was observed 
for all other viruses (Fig. 2). When considering the databases separately, the distribution of other viruses was 
dominated by phages from the IMG/VR database due to the significantly larger collection of viruses within this 
database (Fig S6). There was a clear regional separation of phages identified from the NCBI virus database, which 
was not observed with other viruses from the NCBI database (Fig S7).

The effect of income on phage distribution. Datapoints driving the distribution in the three income 
classes were highly skewed towards high- and middle-income classes, as only 5 countries (6.4%) are classified 
as low-income according to the World Bank data of 2016 (Table S3), while most countries are classified as high-
income (52.6%), or middle-income (41.0%).

Countries from Africa dominated the low-income class together with a single country from Asia (Nepal). 
Other Asian countries were within the middle-income class; Singapore was the only Asian country within the 
high-income class. All Middle Eastern and South American countries were within the middle-income class, and 
the European countries were predominantly within the high-income class. The North American and Oceania 
samples were all within the high-income class.

With regards to the total number of phages identified within each income class (Table 1), the middle-income 
class had the highest proportion of phages from the NCBI and huge phage databases, while the high-income 
class had the highest proportion of phages from the IMG/VR database. The low-income class exceeded the high-
income class in the total number of phages only in the huge phages database.

The distribution of phages identified from the NCBI virus database appeared to be skewed towards countries 
from middle- and low-income classes (Fig. 3A). With regards to the high-income class, 45 phages (7.0%) were 
observed only within this group, with 115 phages (18.0%) in the middle-income class and 14 phages (2.2%) in 
the low-income class (Table 1). The phages observed within the middle-income class were mainly Salmonella 
(17; 14.8%), Pseudomonas (14; 12.2%) and Escherichia (12; 11.3%), while the majority of phages observed within 
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the high-income class were Lactobacillus (6; 13.3%) and Mycobacterium (5; 11.1%), and, in the low-income class, 
Escherichia (3; 21.4%) and Lactobacillus (3; 21.4%). For phages that distributed ≥ 60% to a given income class, 
the middle-income class had the largest number of phages followed evenly by that of high- and middle-income 

Figure 1.  Fragment count (A) and relative abundance (B) summary of phages and viruses. AF Africa, AS Asia, 
EU Europe, NA North America, ME Middle East, OC Oceania, SA South America.
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classes. The dense cluster distributed towards the high-income class contains a large number of phages infecting 
lactic acid fermenting bacteria.

With regards to phages identified from the larger database of IMG/VR (IMG/VR genomes), somewhat con-
trasting results were obtained with the majority of phages, contributing ≥ 60% to a given income class, observed 
within the high-income class, of which some were located within the dense cluster skewed towards this income 
class (Fig. 3B, faint blue density distribution).

Finally, the middle-income class had the highest number of unique phages identified from the huge phages 
database (Fig. 3C), most of which infect Proteobacteria (12; 52.2%), while the unique number of phages, infecting 
an assorted range of phyla, within the high- and low-income classes were only 4 (3.5%) and 6 (5.3%), respectively 
(Table 1).

Phage abundance. The number of datapoints contributing to the pooled relative abundance of phages 
belonging to families of the NCBI virus database are provided in Table S4 and visualised in Fig. 4. Due to the 
poor annotation of the IMG/VR database, phages from this database could not be summarised according to 
family or clade.

Unsurprisingly, most datapoints were pooled for Siphoviridae (262 datapoints) and Myoviridae (173 data-
points), while Podoviridae, only represented by 66 datapoints, was succeeded by Autographiviridae (74 data-
points). Two single phages of low abundance belonged to Plasmaviridae and Tectiviridae, from two African and 
a North American sample, respectively. Moreover, the clustering of samples indicated a relatively strong cor-
relation with regards to regionality, whereas Africa, Asia and South America tended to intersperse (Fig. 4, top).

An overview of the top 15 most abundant phages per sample from NCBI, IMG/VR genomes and the huge 
phages database is provided in Fig S8 to S10. Of the top 15 most abundant phages per sample from the NCBI data-
base, the uncultured crAssphage (NC_024711, Podoviridae) and Salmonella phage SJ46 (NC_031129, Myoviridae) 
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Figure 2.  Regional distributions of phages (left) and other viruses (right) from all databases. AF Africa, AS 
Asia, EU Europe, NA North America, ME Middle East, OC Oceania, SA South America.

Table 1.  Proportion of phages within income classes. gen. genomes. The total is the database total and not the 
income class total. Number of shared phages are phages that in the excluded class contributes with ≤ 20% while 
the contribution for the included classes is ≥ 20%. NCBI: 184, 67 and 269 not observed within the high-income, 
middle-income and low-income class, respectively. IMG/VR genomes: 596, 719 and 1737 not observed within 
the high-income, middle-income and low-income class, respectively. Huge phages: 55, 15 and 40 phages not 
observed within the high-income, middle-income and low-income class, respectively.

Total 100% ≥ 60% Shareda

High Middle Low High Middle Low High Middle Low
High-
middle High-low Middle-low

NCBI-
count/total (%)

450/638 
(70.5%)

565/638 
(88.6%)

359/638 
(56.2%)

45/638 
(7.0%)

115/638 
(18.0%)

14/638 
(2.2%)

98/638 
(15.3%)

207/638 
(32.4%)

96/638 
(15.0%)

113/638 
(17.7%)

17/638 
(2.7%)

162/638 
(25.3%)

IMG/VR 
gen. count/total 
(%)

3102/3699 
(83.9%)

2979/3699 
(80.5%)

1961/3699 
(53.0%)

595/3699 
(16.1%)

414/3699 
(11.2%)

75/3699 
(2.0%)

1186/3699 
(32.1%)

645/3699 
(17.4%)

429/3699 
(11.6%)

957/3699 
(25.9%)

170/3699 
(4.6%)

337/3699 
(9.1%)

Huge 
phages 
count/total (%)

59/114 
(51.8%)

99/114 
(86.8%)

74/114 
(64.9%)

4/114 
(3.5%)

23/114 
(20.2%)

6/114 
(5.3%)

10/114 
(8.8%)

26/114 
(22.8%)

43/114 
(37.7%)

12/114 
(10.5%) 0/114 (0%) 21/114 

(18.4%)
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were common, and dominant, in almost all regions; India (IND-11) did not show a significant signal for the 
uncultured crAssphage (Fig S8). 13 seemingly associated Lactococcal phages and 3 Leuconostoc phages were 
highly clustered across some European countries, corresponding to some of those observed in the ternary plot 
of NCBI phages (Fig. 3A), including some surrounding Lactococcus and Leuconostoc phages. Some of these 
phages also appeared to be observed in some African countries, though with a lower abundance.

With regards to the custom clades of huge phages, only a low abundance of phages classified according to 
the terminase genes was observed, and most phages did not have a given classification (Table S4 and Fig. 4). The 
clade containing the largest phages within the dataset, i.e. Mahaphages, was present in low abundance.

Phage phylogeny. It was only possible to generate SNP trees for the two most abundant phages from NCBI, 
i.e. the uncultured crAssphage (NC_024711) and Salmonella Phage SJ46 (NC_031129) (Fig. 5). The SNP trees 
were based on 2375 and 70 bases, respectively, and illustrate, that, at least for the uncultured crAssphage, there 
tends to be some regional clustering of phages sharing similar SNP profiles. For countries located within the tail 
of the phylogenetic tree, their relative abundance was too low to resolve differences (i.e. fragments covering the 
positions were most likely not observed), considering that the entire genome of the uncultured crAssphage (used 
as a reference) consists of approximately 97,000 bp. In comparison, the much fewer SNP positions identified 
within the Salmonella Phage SJ46, with a genome size of approximately 103,500 bp, exhibit only slight regional 
segregation, and many samples did not appear to contain the covered region, therefore a long trailing tail was 
observed from which SNPs could not be resolved. Furthermore, there was a tenfold difference in relative abun-
dance between the two phages, the most abundant being from the NCBI database.

Antimicrobial resistance gene abundance. For the ResFinder database (Fig S11, top), resistance gene 
conferring resistance towards compounds within the classes of tetracyclines, aminoglycosides, sulphonamides 
and phenicols was highly pronounced in the African, Asian, and South American regions, and to a lesser extent 

Figure 3.  Distribution of NCBI phages (A), IMG/VR genomes (B) and huge phages (C) stratified by income 
class. Densities indicated by blue curves.
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in Europe, North America, Oceania and Middle East. In contrast, macrolide, macrolide combination (Macro/
Linco/StreptoB) and β-lactam resistance were more globally distributed, though with a slightly higher abun-
dance in the former regions. With regards to the Functional Resistance database (Fig S11 bottom), the most 
common resistance classes were those conferring resistance towards the compounds of cefoxitin (cephalosporin; 
β-lactam), trimethoprim (antifolate), piperacillin (β-lactam), amoxicillin (β-lactam), and tetracycline (tetracy-
cline), with penicillin (β-lactam), chloramphenicol (chloramphenicol) and co- trimoxazole (sulphonamide) and 
D. cycloserine (d-alanine analogue) being less abundant. No single region showed a greater degree of resistance 
to any one class, in contrast to the findings of ResFinder.

Bacterial occurrence. The most abundant bacterial genera across most regions appeared to be Acinetobac-
ter, Acidovorax, and Cupriavidus (Fig S12). A large cluster was apparent in the European and North American 
regions, which also largely clustered together, except for a few countries which interspersed with Africa, Asia 
and South America in smaller clusters. Neither the Middle East nor Oceania showed any degree of clustering.

The Lactococcus bacterial genus was, surprisingly, only present in low abundance in the countries where 
Lactococcal phages were represented (Fig S8), i.e. Slovakia (SVK-9), Sweden (SWE-41) and Latvia (LVA-31). 

Figure 4.  Pooled relative abundance of phages in their respective phage families (NCBI, top) and clades (huge 
phages, bottom). Intensities based on 10%- and 3.3%-quantiles, respectively. AF Africa, AS Asia, EU Europe, NA 
North America, ME Middle East, OC Oceania, SA South America.

Figure 5.  SNP trees of uncultured crAssphage (NC_024711, left) and Salmonella phage SJ46 (NC_031129, 
right). AF Africa, AS Asia, EU Europe, NA North America, ME Middle East, OC Oceania, SA South America.
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The abundance of the Lactococcus genus was primarily confined to Europe and North America; it was observed 
globally to a lesser extent.

With regards to the Klebsiella and Escherichia phages observed within clusters within Africa, Asia and South 
America, there were no obvious differences in the abundance of their host genera, and both genera appeared to 
be found globally.

Phage correlation to bacteria and ARGs. A significant correlation was observed for all viruses and 
bacteria; both in terms of correlation to each other (Table S5) and also with regards to ARGs. The highest cor-
relation coefficients of approximately 0.90 (p < 0.001) were observed for the IMG/VR database, while correlation 
coefficient of more than 0.80 (p < 0.001) were observed within the NCBI database. The database of huge phages 
had correlation coefficients of approximately 0.70 (p < 0.001). Other viruses also exhibited significant correla-
tions to both bacteria and ARGs.

Which potentially could be attributed to their low numbers in comparison to phages and their low abundance. 
Viral DNA is usually obtained using different procedures than those utilised for bacterial DNA purification.

Discussion
It is neither uncommon nor surprising that only a small fraction of phages was observed. Due to the high diver-
sity within phage nucleotide sequences and the fact that there is a certain overlap in phage and bacterial DNA, 
owing to the integration of prophages, adopting a targeted approach only allows for a very limited identifica-
tion that may lead to false negatives with respect to phages. In addition, it is important to acknowledge the vast 
differences in database size. Comparison of the NCBI virus, NCBI bacteria and IMG/VR databases shows that 
only 2925 (as of June 2020) phage genomes have been assembled, while more than 370,000 bacterial genomes 
and more than 438,000 phage fragments have been assembled. Of the latter, 23,500 are high-quality draft or 
complete genomes. The differences in database sizes were evident, as many more fragments were mapped to 
the IMG/VR database in comparison to the NCBI database even when IMG/VR had competed against a much 
larger collection of sequences.

It has previously been  established17 that employing an untargeted metagenomic approach will allow for a 
much wider identification of phages within metagenomic samples. This approach has its limitations, such as 
assembling an unbiased viral metagenome due to the vast diversity, while identifying the hosts of the assembled 
phages and performing annotations according to the ICTV classifications is not easily done. Consistent with 
this difficulty is the observation that the large majority of phages identified within this study only exhibited 
low coverages (Table S1). Other limitations are the inherent randomness of sequencing that is performed when 
undertaking a metagenomics approach, since bacterial DNA is far more abundant than that of  phages18, and the 
fact that the DNA purification protocol must be adapted to the given phage environment, which is not the case 
for the data employed in this study. In addition, phages are usually purified from the viral portion of the sample. 
Hence, purification and identification of phages using a metagenomics approach require carefully considered 
protocols and pipelines bearing in mind the aim of the study. Thus, phages expected to be observed in the present 
study are likely those associated with bacteria. However, the specific phage lifecycle may be dictated by external 
factors such as temperature and chemicals such as antimicrobial residues, both of which influence municipal 
wastewater. The global sewage study from which these data  originate11 detected antimicrobial residues. A previous 
study has found that concentrations of ciprofloxacin, for example, in wastewater may be high enough to induce 
the SOS response in bacteria, which in turn affects the activation of  prophages19. It is therefore likely that many 
phages can be regarded as free-living.

Despite the limitations mentioned above the results show that a country’s income (GNI per capita) could 
play a role in the distribution of bacteriophages. The phage composition of the middle-income class was dis-
tributed somewhat between the two other classes, but generally shared more phages with the low-income class. 
Both classes had Escherichia phages among their unique phages. The low-income class only appeared to share 
a small number of phages with the high-income class, although both classes had Lactobacillus phages (another 
lactic acid fermenting bacterial genus) among their unique phages. A possible explanation for this observation 
could be differences in dietary intake, a parameter not investigated in the present project, but that is shown to 
be—at least locally—affected by  income20 and culture, which in turn could affect the intestinal microbiota, and 
thus potentially phages. This hypothesis is supported by the observation of a higher prevalence of phages infect-
ing lactic acid fermenting bacteria, such as Lactococcus and Leuconostoc phages, in high-income countries 
and certain regions associated with these which are known to consume larger amounts of dairy products than 
countries in other income  classes21. Furthermore, antibiotics are usually consumed in larger amounts within 
high-income countries compared to middle- and low-income  countries22, in which insufficient use, i.e. not 
covering a full course of treatment, both can lead to resistance. According to the World Health Organisation 
(WHO), amoxicillin and amoxicillin/clavulanic acid are the most frequently used antibiotics globally, consistent 
with the finding that the abundance of amoxicillin resistance genes detected within the samples were among the 
highest. There is an increase in resistance towards these specific antibiotics in some Lactococcus  species23, and 
there is increasing evidence that foodborne lactic acid species are overlooked with regards to the dissemination 
of  ARGs24. Some broad-spectrum antibiotics are classified by the WHO as Watch antibiotics, due to their high 
potential in causing antibiotic resistance phenotypes. It is unfortunate, therefore that cefoxitin (cephalosporin), 
a Watch antibiotic, was one of the most abundant resistance phenotypes observed in the Functional Resistance 
database. Most Lactococcus sp. are intrinsically resistant towards cefoxitin. There are also other confounding 
factors such as different climates that are associated with countries and could directly or indirectly affect the 
decay rates of microorganisms in sewage.
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Unfortunately, only SNP trees could be resolved for the uncultured crAssphage and the Salmonella phage SJ46. 
It is not surprising that the crAssphage appeared to be the most abundant, as it reportedly constitutes a class of 
highly abundant phages infecting the genus Bacteroides25, the most abundant bacterial genera in the human gut 
 microbiota26. The identification of the Salmonella phage SJ46 is somewhat surprising, however, as the Salmonella 
genus is not among the most abundant bacterial genera within the dataset. The occurrence of Salmonella phage 
SJ46 is likely explained by its relatedness to the E. coli P1  phage27; a temperate phage that does not integrate into 
the host genome, but merely resides as a plasmid. As some phages have a broader host range, Salmonella phage 
SJ46 could potentially also target E. coli strains, which are among the most abundant bacteria in sewage. Many 
phages observed within the present dataset appeared to be Escherichia phages.

Whether there is truly a correlation between phages and the dissemination of ARGs in wastewater is still 
unknown. Unfortunately, due to the low abundance of phages identified within this study, definite conclusions 
cannot be made. The observation of a significant correlation between phages and other viruses, which should 
not correlate to either bacteria or ARGs, could arise from the fact that other viruses tend to be observed only 
in very low numbers compared to phages, implying a false positive (type 1 error). However, it has previously 
been suggested that there is a negative selection for resistance genes, as phages tend to select for genes acting 
in carbon flux pathways for their own benefit in  reproduction9. This has mainly been investigated for oceanic 
surface and deep water phages, in which bacterial nutrition is limited, which is not the case for wastewater 
influent. However, a positive selection for genes acting in carbon flux pathways could suggest a possibility that 
phages may not be significantly correlated to ARGs. Nevertheless, the distribution of Lactococcal phages in the 
present study in relation to the increasing resistance in Lactococcus species tend to indicate that there could be 
a significant correlation between phages and ARGs, especially considering the increasing resistance phenotypes 
observed in these bacteria.

Methods
Urban sewage samples. A total of 81 samples from global wastewater surveillance was downloaded 
from the European Nucleotide Archive (ENA) with study number PRJEB13831, and sample accession num-
bers SAMEA4527599–SAMEA452767911. The samples contained raw sequencing reads from influent waste-
water in the period from January to December 2016 (Table S6). The DNA of the samples had been fragmented 
and sequenced on an Illumina HiSeq 3000 NGS platform and contained paired end reads. The samples were 
trimmed using BBDuk2, hosted and maintained by  JGI28 to a minimum quality score (Phred64) of 20 and read 
length of 50 base pairs. Singletons, i.e. reads that are not paired, were sorted into a separate file for each sample.

Bacteriophage database selection. For the present study reference sequences from some of the larg-
est databases containing viral genetic sequences or fragments constitute those of RefSeq and IMG/VR hosted 
by NCBI and JGI, respectively, were used. The RefSeq database contains approximately 9700 viral genomes of 
which phage genomes constitute approximately 3000 as of June 2020. The composition of phage families in the 
NCBI database is provided in Table S7. The IMG/VR database contains approximately 760,000 viral sequences 
and fragments from various bio-projects, including sequences from NCBI, of which approximately 438,000 are 
of phage origin. Of these, 23,500 are of high-quality, more than 90% completed draft, or entirely completed 
genomes. The RefSeq database is an open access, annotated, curated and non-redundant database, while the 
IMG/VR database is an open access database but is less curated and is not annotated with regards to host-virus 
interactions and taxonomy. In addition, the KVIT database, comprising sequences from RefSeq and GenBank, 
was included in the comparative analysis of non-phage viruses, as it only contains viral families infecting eukary-
otic cells. Additionally, a custom database containing huge phages across Earth’s  ecosystem2 was used. The data-
base contained 351 genomes of huge phages with genome sizes ranging from 200 to 735 kb.

Read mapping. Trimmed raw reads were mapped to the different databases including bacteria and virus/
phage databases using K-mer mapping (KMA)29, as KMA is optimised for mapping against redundant data-
bases. With regards to phages, it was expected that at least some overlap between bacteria and phages would be 
observed, due to the fact that a substantial portion of the bacterial genome is believed to be of phage  origin30. In 
comparison to other commonly used mapping tools, such as Bowtie and BWA-MEM31, KMA appears superior 
both in accuracy, but also in speed, in addition to being comparable in terms of memory consumption.

Prior to read mapping, all reference sequences in FASTA format were indexed in KMA with an indexing 
k-mer size of 16. The size 16 k-mer is a proper k-mer length as it will maintain selectivity as well as specificity.

Regional distribution of phages. Fragment count and relative abundance from read mapping against 
viruses and phages in RefSeq, IMG/VR, and the customised database of huge phages were visualised in stacked 
bar plots using the ggplot package in R. The number of phages contributing to each region was found by sum-
ming the relative abundance of a given phage across samples belonging to a given region. Phages having a sum 
greater than 0 were regarded as having been observed within that region. Their percentages of the total number 
identified for a given database were subsequently calculated.

The regional distribution of phages was visualised through a principal coordinate analysis (PCoA) of the 
relative abundance of phages, viruses and bacteria. PCoA was chosen over that of e.g. PCA due to the low abun-
dance and many null values observed, making the Bray–Curtis dissimilarity more suitable for ordination, and 
in turn making PCoA more suitable for viewing dissimilarities. The PCoA plots were generated on Hellinger 
standardised relative abundance to account for differences in abundance, and the dissimilarities between samples 
were, as mentioned previously, computed using Bray–Curtis dissimilarities. The betadisper function of the vegan 
package in R was used to reduce the original non-Euclidean distances (or more appropriately dissimilarities) of 
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the Bray–Curtis dissimilarity matrix to principal coordinates, and the variance contributions of each principal 
coordinate were calculated using the eigenvals function of the vegan package.

Distribution of phages by income country. Countries were classified according to the World Bank 
classification of low, middle and high  income32 in the year 2016 to match the dataset. The middle-income classi-
fication includes sub-classifications of lower-middle-income and upper-middle-income classes, which were col-
lectively classified as middle-income. Datasets annotated by income class were analysed in R whereby datapoints 
were averaged to each categorical income class. Data were subsequently visualised in the ggplot2 extension pack-
age ggtern to create ternary plots of individual phage distributions. The phage distributions were found using 
the following formula: (mean relative abundance of a phage in an income class/ sum of mean relative abundance 
for a phage across all income classes)*100. The densities of the distributions were calculated using an inherent 
function of ggtern.

Phage abundance. The relative abundance of phages was visualised for the top 15 most abundant phages 
per sample and pooled for all phages in each sample within each family (for NCBI phages) or clade (for huge 
phages) using the R package pheatmap. Due to the poor annotation of IMG/VR no data pooling was performed 
for this database. The very low abundance of phages made log-transformation insignificant, thus raw values 
were used for visualisation. Instead, colour intensities within the heatmaps were generated based on abundance 
quantiles (Table S8) to show the distribution of the phages. Quantiles were determined based on the visual repre-
sentation, with the smallest possible margins (percentages). The samples were clustered according to Bray–Cur-
tis dissimilarities of Hellinger standardised relative abundance, while phages were clustered according to their 
Pearson correlation, to explore how phage abundance was associated.

Phage phylogeny. Only the most abundant phages were used for further phylogenetic analysis. The analy-
sis was conducted using  CSIPhylogeny33 and  phyML34, and visualised using  iTOL35. CSIPhylogeny was used to 
perform variant calling and subsequent sequence alignment by using the most abundant phages as references 
and sewage metagenomics raw reads as input. The tree topology structure was generated using PhyML on basis 
of the HKY85 substitution model and SPR tree topology heuristic with 100 bootstrap replicates. An attempt to 
find the most optimal nucleotide substitution model was done using  jmodeltest36, but did not succeed, therefore 
the default substitution model was selected.

Antimicrobial resistance gene distribution and abundance. Metagenomic reads were mapped 
against the ARG database  ResFinder37. The regional distribution of ARGs was visualised in a PCoA of Bray–
Curtis dissimilarities, based on the relative abundance in Fragments Per Kilobase of gene per Million mapped 
reads (FPKM) that had been Hellinger transformed using the vegan package. In addition, FPKM of resistance 
genes were pooled for each sample by resistance classes and a heatmap produced by log-transformed relative 
abundance that had been given a pseudo-count prior to log-transformation. Column clustering was performed 
on a Bray–Curtis dissimilarity matrix of Hellinger transformed FPKM values to account for low abundance 
genes, while row clustering was performed using Pearson correlation.

Bacterial occurrence. The top 15 most abundant bacterial genera per sample were visualised in R using 
the package pheatmap of the log-transformed bacterial abundance. Columns were clustered according to Bray–
Curtis dissimilarities of Hellinger standardised relative abundance, while rows were clustered according to their 
Pearson correlations. Colour intensities were generated similar to those of phages, by quantiles (Table S9) in 
effect rendering the log-transformation obsolete as using either raw or log-transformed data would produce the 
same output based on the distribution.

Procrustes correlation analysis. The Procrustes correlation analysis was performed using R package 
mganalysis38. No visualisation was made subsequent to analysis and only correlation values and significance 
levels on a 95% confidence interval were calculated. The analysis was performed on data of relative abundance 
for phages correlated to the relative abundance of bacteria or the FPKM of ARGs.

Received: 21 October 2020; Accepted: 29 December 2020

References
 1. Dion, M. B., Oechslin, F. & Moineau, S. Phage diversity, genomics and phylogeny. Nat. Rev. Microbiol. 18, 125–138 (2020).
 2. Al-Shayeb, B. et al. Clades of huge phages from across Earth’s ecosystems. Nature 578, 425–431 (2020).
 3. Chiang, Y. N., Penadés, J. R. & Chen, J. Genetic transduction by phages and chromosomal islands: the new and noncanonical. 

PLoS Pathog. 15, e1007878 (2019).
 4. Torres-Barceló, C. The disparate effects of bacteriophages on antibiotic-resistant bacteria. Emerg. Microbes Infect. 7, 168 (2018).
 5. Calero-Cáceres, W., Ye, M. & Balcázar, J. L. Bacteriophages as environmental reservoirs of antibiotic resistance. Trends Microbiol. 

27, 570–577 (2019).
 6. Colavecchio, A., Cadieux, B., Lo, A. & Goodridge, L. D. Bacteriophages contribute to the spread of antibiotic resistance genes 

among foodborne pathogens of the enterobacteriaceae family—a review. Front. Microbiol. 8, 1108 (2017).



10

Vol:.(1234567890)

Scientific Reports |         (2021) 11:1600  | https://doi.org/10.1038/s41598-021-80990-6

www.nature.com/scientificreports/

 7. Balcázar, J. L. Implications of bacteriophages on the acquisition and spread of antibiotic resistance in the environment. Int. Micro-
biol. https ://doi.org/10.1007/s1012 3-020-00121 -5 (2020).

 8. Subirats, J., Sànchez-Melsió, A., Borrego, C. M., Balcázar, J. L. & Simonet, P. Metagenomic analysis reveals that bacteriophages are 
reservoirs of antibiotic resistance genes. Int. J. Antimicrob. Agents 48, 163–167 (2016).

 9. Enault, F. et al. Phages rarely encode antibiotic resistance genes: a cautionary tale for virome analyses. ISME J. 11, 237–247 (2017).
 10. O’Neill, J. Tackling Drug-Resistant Infections Globally: Final Report and Recommendations (2016).
 11. Hendriksen, R. S. et al. Global monitoring of antimicrobial resistance based on metagenomics analyses of urban sewage. Nat. 

Commun. 10, 1124 (2019).
 12. Lekunberri, I., Subirats, J., Borrego, C. M. & Balcázar, J. L. Exploring the contribution of bacteriophages to antibiotic resistance. 

Environ. Pollut. 220, 981–984 (2017).
 13. Savin, M. et al. Antibiotic-resistant bacteria and antimicrobial residues in wastewater and process water from German pig slaugh-

terhouses and their receiving municipal wastewater treatment plants. Sci. Total Environ. 727, 138788 (2020).
 14. Renew, J. E. & Huang, C.-H. Simultaneous determination of fluoroquinolone, sulfonamide, and trimethoprim antibiotics in 

wastewater using tandem solid phase extraction and liquid chromatography-electrospray mass spectrometry. J. Chromatogr. A 
1042(1–2), 113–121 (2004).

 15. Muniesa, M., Imamovic, L. & Jofre, J. Bacteriophages and genetic mobilization in sewage and faecally polluted environments. 
Microb. Biotechnol. 4, 725–734 (2011).

 16. Marti, E., Variatza, E. & Balcázar, J. L. Bacteriophages as a reservoir of extended-spectrum β-lactamase and fluoroquinolone resist-
ance genes in the environment. Clin. Microbiol. Infect. 20, O456–O459 (2014).

 17. Paez-Espino, D., Pavlopoulos, G. A., Ivanova, N. N. & Kyrpides, N. C. Nontargeted virus sequence discovery pipeline and virus 
clustering for metagenomic data. Nat. Protoc. 12, 1673–1682 (2017).

 18. Hayes, S., Mahony, J., Nauta, A. & van Sinderen, D. Metagenomic approaches to assess bacteriophages in various environmental 
niches. Viruses 9, 127 (2017).

 19. Beaber, J. W., Hochhut, B. & Waldor, M. K. SOS response promotes horizontal dissemination of antibiotic resistance genes. Nature 
427, 72–74 (2004).

 20. French, S. A., Tangney, C. C., Crane, M. M., Wang, Y. & Appelhans, B. M. Nutrition quality of food purchases varies by household 
income: the SHoPPER study. BMC Public Health 19, 231 (2019).

 21. Ferranti, P., Berry, E. & Jock, A. Encyclopedia of Food Security and Sustainability Volume 1—General and Global Situation (Elsevier, 
Amsterdam, 2019).

 22. Wide differences in antibiotic use between countries, according to new data from WHO. https ://www.who.int/medic ines/areas /
ratio nal_use/oms-amr-amc-repor t-2016-2018-media -note/en/.

 23. Kaboré, W. A. D. et al. Characterization and antimicrobial susceptibility of lactococcus lactis isolated from endodontic infections 
in Ouagadougou, Burkina Faso. Dent. J. 6, 69 (2018).

 24. Devirgiliis, C., Zinno, P. & Perozzi, G. Update on antibiotic resistance in foodborne Lactobacillus and Lactococcus species. Front. 
Microbiol. 4, 301 (2013).

 25. Shkoporov, A. N. et al. ΦCrAss001 represents the most abundant bacteriophage family in the human gut and infects Bacteroides 
intestinalis. Nat. Commun. 9, 4781 (2018).

 26. Guarner, F. & Malagelada, J.-R. Gut flora in health and disease. Lancet (London, England) 361, 512–519 (2003).
 27. Yang, L. et al. Characterization of a P1-like bacteriophage carrying CTX-M-27 in Salmonella spp. resistant to third generation 

cephalosporins isolated from pork in China. Sci. Rep. 7, 40710 (2017).
 28. Bushnell, B., Rood, J. & Singer, E. BBMerge—accurate paired shotgun read merging via overlap. PLoS ONE 12, e0185056 (2017).
 29. Clausen, P. T. L. C., Aarestrup, F. M. & Lund, O. Rapid and precise alignment of raw reads against redundant databases with KMA. 

BMC Bioinform. 19, 307 (2018).
 30. Weigel, C. & Seitz, H. Bacteriophage replication modules. FEMS Microbiol. Rev. 30, 321–381 (2006).
 31. Langmead, B. & Salzberg, S. L. Fast gapped-read alignment with Bowtie 2. Nat. Methods 9, 357–359 (2012).
 32. World Bank. World Bank Country and Lending Groups. https ://datah elpde sk.world bank.org/knowl edgeb ase/artic les/90651 9-world 

-bank-count ry-and-lendi ng-group s#:~:text=For%20the %20cur rent%20202 0%20fis cal,those %20wit h%20a%20GNI %20per .
 33. Kaas, R. S., Leekitcharoenphon, P., Aarestrup, F. M. & Lund, O. Solving the problem of comparing whole bacterial genomes across 

different sequencing platforms. PLoS ONE 9, e104984 (2014).
 34. Guindon, S. et al. New algorithms and methods to estimate maximum-likelihood phylogenies: assessing the performance of PhyML 

3.0. Syst. Biol. 59, 307–321 (2010).
 35. Letunic, I. & Bork, P. Interactive Tree Of Life (iTOL) v4: recent updates and new developments. Nucleic Acids Res. 47, W256–W259 

(2019).
 36. Posada, D. jModelTest: phylogenetic model averaging. Mol. Biol. Evol. 25, 1253–1256 (2008).
 37. Zankari, E. et al. Identification of acquired antimicrobial resistance genes. J. Antimicrob. Chemother. 67, 2640–2644 (2012).
 38. mganalysis. https ://bitbu cket.org/patri ckmun k/mgana lysis /src/maste r/.

Acknowledgements
This work was supported by The Novo Nordisk Foundation (NNF16OC0021856: Global Surveillance of Anti-
microbial Resistance).

Author contributions
J.S. performed analysis, prepared all figures, and wrote manuscript. P.L. supervised, partly performed analysis 
and wrote manuscript. F.M. provided computer scripts and review manuscript. F.A. project supervision, provided 
data for analysis and review manuscript.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary information is available for this paper at https ://doi.org/10.1038/s4159 8-021-80990 -6.

Correspondence and requests for materials should be addressed to P.L.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

https://doi.org/10.1007/s10123-020-00121-5
https://www.who.int/medicines/areas/rational_use/oms-amr-amc-report-2016-2018-media-note/en/
https://www.who.int/medicines/areas/rational_use/oms-amr-amc-report-2016-2018-media-note/en/
https://datahelpdesk.worldbank.org/knowledgebase/articles/906519-world-bank-country-and-lending-groups#:~:text=For%20the%20current%202020%20fiscal,those%20with%20a%20GNI%20per
https://datahelpdesk.worldbank.org/knowledgebase/articles/906519-world-bank-country-and-lending-groups#:~:text=For%20the%20current%202020%20fiscal,those%20with%20a%20GNI%20per
https://bitbucket.org/patrickmunk/mganalysis/src/master/
https://doi.org/10.1038/s41598-021-80990-6
www.nature.com/reprints


11

Vol.:(0123456789)

Scientific Reports |         (2021) 11:1600  | https://doi.org/10.1038/s41598-021-80990-6

www.nature.com/scientificreports/

Open Access  This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://creat iveco mmons .org/licen ses/by/4.0/.

© The Author(s) 2021

http://creativecommons.org/licenses/by/4.0/

	Metagenomics analysis of bacteriophages and antimicrobial resistance from global urban sewage
	Results
	Mapping summary. 
	Regional distribution of phages. 
	The effect of income on phage distribution. 
	Phage abundance. 
	Phage phylogeny. 
	Antimicrobial resistance gene abundance. 
	Bacterial occurrence. 
	Phage correlation to bacteria and ARGs. 

	Discussion
	Methods
	Urban sewage samples. 
	Bacteriophage database selection. 
	Read mapping. 
	Regional distribution of phages. 
	Distribution of phages by income country. 
	Phage abundance. 
	Phage phylogeny. 
	Antimicrobial resistance gene distribution and abundance. 
	Bacterial occurrence. 
	Procrustes correlation analysis. 

	References
	Acknowledgements


